
30 www.cfapubs.org ©2012 CFA Institute

Financial Analysts Journal
Volume 68  Number 2
©2012 CFA Institute

What Makes Stock Prices Move? 
Fundamentals vs. Investor Recognition

Scott Richardson, Richard Sloan, and Haifeng You, CFA

The authors synthesized and extended recent research demonstrating that investor recognition is a
distinct, significant determinant of stock price movements. Realized stock returns are strongly
positively related to changes in investor recognition, and expected returns are strongly negatively
related to the level of investor recognition. Moreover, companies time their financing and investing
decisions to exploit changes in investor recognition. Investor recognition dominates stock price
movements over short horizons, whereas fundamentals dominate over longer horizons.

basic tenet of security valuation is that the
intrinsic value of a security is equal to the
discounted value of its expected future
cash distributions. Yet, it is well estab-

lished that variability in cash distributions and
expectations thereof account for less than half the
variation in observed security prices.1 The remain-
ing “nonfundamental” variation in security prices
remains the subject of intense debate. Efficient mar-
ket aficionados attribute it to time-varying risk.
Value investors attribute it to irrational “animal
spirits.” But neither camp has made much progress
in elucidating its respective explanation. As such,
much of the variation in observed security prices
remains poorly understood.

Our objective in this article is to establish the
importance of investor recognition in explaining
variation in stock prices. We are not the first to
investigate the role of investor recognition in secu-
rity valuation. Merton (1987) modified the tradi-
tional capital asset pricing model to incorporate
investor recognition. Empirical research by Lehavy
and Sloan (2008) and Bodnaruk and Ostberg (2009)
provided preliminary evidence consistent with
Merton’s predictions.2 We synthesized and
extended this research, applying it to a broad cross
section of U.S. stocks. Our results highlight the
importance of investor recognition in explaining
variation in stock prices, expected returns, invest-
ing activities, and financing activities.

Our research is incremental to existing
research in three significant respects. First, we
developed a parsimonious and effective measure
of the level of investor recognition using commer-
cially available U.S. data. Second, we decomposed
stock returns into components attributable to
expected returns, fundamental news, and nonfun-
damental news and directly tested whether inves-
tor recognition has the predicted association with
each component. Third, we examined the relative
importance of investor recognition in driving stock
returns over varying investment horizons, demon-
strating that investor recognition dominates over
short horizons (e.g., one quarter) and fundamentals
dominate over longer horizons (e.g., five years).

Investor Recognition and Stock 
Prices
The theoretical linkage between investor recogni-
tion and stock returns was developed in Merton
(1987). Merton modified standard asset pricing the-
ory by introducing the additional assumption that
not all investors know about all securities. Some
securities are known to many investors, whereas
others are known to relatively few investors. This
assumption is consistent with observed investor
behavior and can be motivated on both rational and
irrational grounds. From a rational perspective,
index investors restrict themselves to securities that
belong to predefined indices and active institu-
tional investors often restrict themselves to pre-
defined investment universes. Such behavior can
be rationalized by information-processing costs
and agency costs. From an irrational perspective,
behavioral finance research documents that inves-
tors are more likely to hold “attention-grabbing”
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stocks, such as those of companies that currently
have popular products and services (e.g., Barber
and Odean 2008). For example, at the time of writ-
ing (early 2011), Apple and Pandora Media, Inc.,
were two stocks with popular products and ser-
vices that were relatively widely held by investors.

In standard asset pricing models, such as the
capital asset pricing model, all investors hold all
securities and expected returns (prices) are increas-
ing (decreasing) in the sensitivity of the securities
to common factor risk. This equilibrium arises
because common factor risk is the only source of
risk that must be borne by investors and, hence, the
only source of risk that is priced. Introducing the
assumption that not all investors know about all
securities makes the standard equilibrium unat-
tainable. Instead, securities that are known to rela-
tively few investors must trade at relatively lower
prices in order for markets to clear. Intuitively,
investors who do know about the “neglected” secu-
rities require an expected return premium to com-
pensate for the idiosyncratic risk associated with
holding relatively undiversified positions in these
securities. Thus, neglected securities will trade at
lower prices and offer higher expected returns than
their well-recognized counterparts, and this effect
will be particularly pronounced for securities with
high idiosyncratic risk. Merton’s analysis, there-
fore, leads to the following key predictions:
1. Security prices are increasing in investor rec-

ognition.
2. Expected returns are decreasing in investor

recognition.
3. These two relationships are stronger for secu-

rities with greater idiosyncratic risk.
Note that Prediction 1 implies that a security

experiencing increasing investor recognition will
experience contemporaneously positive stock
returns because an increase in investor recognition
causes the security’s expected return to fall and,
therefore, its price to rise. It is also important to
point out that these predictions all assume that the
aggregate size of a security issue is held constant.
Thus, we need to control for issue size in our empir-
ical tests, and we describe how we did this in the
next section.

Merton (1987) also extended his analysis to
explore the impact of investor recognition on the
underlying companies that issue the securities.
This analysis led to the prediction that companies
are more likely to issue new securities and make
new investments when investor recognition is rel-
atively high. Higher investor recognition leads to
lower expected stock returns, which, in turn, trans-
lates to a lower cost of capital for the underlying

companies. A lower cost of capital will make
investments that were previously marginal become
more attractive, hence increasing investing and
financing activities. This extension leads to two
additional predictions:
4. New security issuances are increasing in inves-

tor recognition.
5. New investments are increasing in investor

recognition.

Research Design
Our research design relies on two new constructs.
The first is our measure of size-adjusted investor
recognition. The second is our decomposition of
realized returns into fundamental and nonfunda-
mental components. We begin by describing these
two constructs and then summarize other features
of our research design.

Measuring Investor Recognition. We sought
a parsimonious measure of investor recognition
that captures the spirit of Merton’s theoretical con-
struct. The number of investors who know about
a security is theoretically valid only when inves-
tors have equal amounts of capital to invest. Inves-
tors who have more capital than other investors
afford more recognition. Therefore, we followed
Lehavy and Sloan (2008) by restricting our sample
to institutional investors with more than $100 mil-
lion in holdings, who are required to file their
quarter-end holdings information with the SEC on
Form 13F. We measured breadth of ownership,
BREADTHi,t, as the ratio of the number of institu-
tions holding the common stock of company i at

time t as captured by 13F filings, , rela-

tive to the total number of institutions holding
common stock in any company at time t as captured

by 13F filings, :

We controlled for issue size by placing obser-
vations into size-ranked deciles at each time t and
computing the mean value of BREADTHi,t within
each size-ranked decile. For each observation, we
refer to the corresponding decile mean as
S_BREADTHi,t and we computed our measure of
size-adjusted investor recognition, INV_RECi,t, by
subtracting S_BREADTHi,t from BREADTHi,t:3
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We used the total assets of the company as our
measure of size. We used total assets instead of
market capitalization because we did not want the
measure of investor recognition to be mechanically
related to the price of the security. We used total
assets instead of book value of common equity
because the latter is more sensitive to accounting
distortions (e.g., negative book values for compa-
nies with accumulated losses).

We measured INV_RECi,t on an annual basis
with a three-month lag to the fiscal year-end. For
example, as shown in the time line in Figure 1, for
a company with a 31 December 2000 fiscal year-
end, we measured INV_RECi,t as of 31 March 2001.
The three-month lag allows for the release of finan-
cial information from the previous fiscal year.
Because we also measured stock price and analyst
forecasts of earnings as of this date, we are sure that
all these variables reflect information in the previ-
ous year’s financial statements. 

Decomposing Realized Stock Returns.
Our empirical tests required us to decompose real-
ized stock returns into (1) expected returns, (2)
unexpected returns related to new information
about future cash distributions (often referred to as
“fundamental news” or “cash flow news”), and (3)
unexpected returns that are unrelated to informa-
tion about fundamentals (often referred to as
“expected return news” or “discount rate news”).
We did this by using the return decomposition
framework of Chee, Sloan, and Uysal (2011).4 The
starting point is the standard dividend discount
valuation model:

(1)

where 
Pi,t = the price of security i at time t
ri,t = the discount rate for security i at

time t

Et(di,t+) = the expected net cash distribution
for security i at time t +  

T = the number of periods until the se-
curity makes its final liquidating
distribution

We then introduced the standard clean surplus
accounting relationship, which states that account-
ing book values, BV, articulate via accounting earn-
ings, X, and net cash distributions, d:

(2)

With these assumptions, Ohlson (1995, p. 674)
demonstrated that for large values of T, company
value can be approximated in terms of expectations
of cum-dividend earnings over the life of the com-
pany as follows:5

(3)

Intuitively, this expression says that a security’s
value can be approximated by capitalizing its
expected long-run earnings power.6

Chee et al. (2011) recommended using Equa-
tion 3 to estimate the expected return on a security
i at time t, ri,t, by setting T equal to 2, measuring the
numerator by summing analysts’ consensus ana-
lyst forecast of earnings over the next two years,
and setting Pi,t equal to the observed market price
at time t:7

(4)

Intuitively, Equation 4 approximates a security’s
expected return using the annualized two-year
forward earnings yield.8 Note that the use of the
forward earnings yield as an expected return
proxy is well established in the literature (e.g.,
Lee, So, and Wang 2010). We used Equation 4 to
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Figure 1. Time Line of the Tests Using Annual Data

Fiscal Year-
End 2000

INV_RECi,2000
Pi,2000, ri,2000

∆INV_RECi,2001
Ri,2001, ∆Fi,2001, εi,2001

31/Dec/2000 31/Mar/2001 31/Dec/2001 31/Mar/2002
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measure expected returns in testing for the pre-
dicted negative relationship between investor rec-
ognition and a security’s expected return.

Chee et al. (2011) also showed that the assump-
tions underlying Equation 4 can be used to estimate
the component of the subsequent-period realized
stock returns (Ri,t+1) that is attributable to news
about fundamentals, Fi,t+1:

(5)

Fundamental news is equal to the percentage
change in expected future earnings over the period
plus the realized dividend yield less the expected
security return at the beginning of the period. Intu-
itively, this construct corresponds to the unex-
pected change in the security’s future earnings
power over the period.9

We have now identified the two components of
the realized return for period t + 1 that are related to
fundamentals (ri,t and Fi,t+1), leaving a third com-
ponent that picks up any remaining price move-
ments that are unexplained by fundamentals. We
used this decomposition to answer two questions:
1. How much of the variation in stock prices

remains unexplained by fundamentals? 
2. To what extent can variation in stock prices

that is unexplained by fundamentals be
explained by changes in investor recognition?

Other Research Design Choices. Our
remaining research design choices are summarized
by reference to Figure 1. For a company with a 31
December 2000 fiscal year-end, we measured earn-
ings expectations, price, and investor recognition
as of 31 March 2001. Doing so allowed earnings for
the year 2000 to be reported to investors and thus
reflected in earnings expectations and prices. Recall
that expected return, ri,2000, is equal to the result of
summing the consensus analyst earnings forecasts
for the years 2001 and 2002, dividing by Pi,2000, and
then annualizing the resulting yield. We restricted
our sample to cases where the estimated expected
return was positive and, hence, economically
meaningful.10 We computed the realized security
return and fundamental news for 2001 over the
year beginning 1 April 2001 and ending 31 March
2002. We computed realized security returns using
standard buy-and-hold cum-dividend returns.

We conducted our stock return decomposition
by estimating annual cross-sectional regressions

of total returns, Ri,t+1, on beginning-of-period
expected returns, ri,t, and contemporaneous funda-
mental news, Fi,t+1, as follows:

(6)

The residual from this annual regression, i,t+1, is
our estimate of price variation that is not explained
by fundamentals (i.e., expected return news). We
predict that i, t+1 is positively related to changes in
investor recognition.

Our empirical analysis is based on data from
the following publicly available data sources. First,
we acquired data for one- and two-year-ahead con-
sensus earnings forecasts from I/B/E/S. Second,
we acquired stock return data from CRSP. The
intersection of these two datasets yielded 41,602
observations from 1986 through 2008 for use in our
return decomposition. Third, we acquired data
from the Thomson Reuters Institutional Holdings
(13F) Database, through Wharton Research Data
Services, for our investor recognition tests, which
yielded a final sample of 35,526 company-year
observations over 1986–2008 for our investor rec-
ognition tests.

Results
In this section, we discuss the results concerning
our annual return decomposition and investor rec-
ognition tests. 

Annual Return Decomposition Results.
Table 1 reports annual cross-sectional regression
results from estimating the return decomposition in
Equation 6. The average explanatory power of these
regressions across all 23 years of data is 38 percent,
indicating that fundamentals explain just over one-
third of the annual variation in stock returns.11 Note
that both expected return, ri,t, and fundamental
news, Fi,t+1, have the hypothesized positive coef-
ficients in all periods. From a theoretical perspec-
tive, these coefficients should equal 1. There are at
least three reasons why this does not hold in prac-
tice. First, our valuation model is only an approxi-
mation. Second, measuring investors’ expectations
by using analysts’ earnings forecasts introduces
errors into our regressions. Third, our regressions
do not include contemporaneous changes in
expected returns as an explanatory variable. Previ-
ous research has suggested that expected returns
are mean reverting, inducing a negative correlation
between expected returns and subsequent changes
in expected returns (see DeBondt and Thaler 1989).
Thus, the estimated coefficients on ri,t will pick up
both the realization of expected returns and changes
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in expected returns, with the latter effect causing the
coefficients to be greater than 1. The results suggest
that mean reversion in expected returns was partic-
ularly pronounced during 2000 and 2001, reflecting
the bursting of the dot-com bubble.12

Figure 2 illustrates our return decomposition
graphically. Panel A plots total return variance, and
Panel B plots relative return variance. The figure
again illustrates that fundamentals, as reflected in
expected returns and fundamental news, typically
explain less than half the variation in security
returns. Note the spike in return variance in 1999
that is not explained by fundamentals. This year
marked the height of the dot-com bubble, when
many commentators observed that stock prices
seemed to be driven by “irrational exuberance”
(e.g., Shiller 2000). It seems possible that intense
investor recognition of internet-related stocks was
instrumental in driving the dot-com bubble. 

Investor Recognition Results. We now turn
to tests of our primary predictions concerning
investor recognition. Table 2 reports descriptive
statistics and correlations for our key variables. The

correlation matrix in Panel B provides preliminary
evidence consistent with our first two predictions.
First, realized returns are highly positively corre-
lated with changes in investor recognition. The
Pearson (Spearman) correlation between Ri,t+1 and
INV_RECi,t+1 is 0.39 (0.48), which is consistent
with our first prediction—that price is increasing in
investor recognition. The positive correlation
between Ri,t+1 and INV_RECi,t+1 is driven by both
the Fi,t+1 and i,t+1 components of Ri,t+1. The cor-
relation with Fi,t+1 indicates that investors are
attracted to securities with improving fundamen-
tals. The correlation with i,t+1 is consistent with the
existence of other, nonfundamental determinants
of investor recognition that also influence prices.

The correlations also confirm our second
prediction—a negative relationship between
investor recognition and expected returns. The
Pearson (Spearman) correlation between ri,t and
INV_RECi,t is –0.28 (–0.35). The negative relation-
ship is also evident (albeit more weakly) in the
correlation between investor recognition and real-
ized future returns, which is –0.02 (–0.04); the
weakness of this result is not surprising because

Table 1. Results of Annual Cross-Sectional Regressions of Returns on 
Expected Returns and the Fundamental News Component of Returns

Fiscal Year t + 1 r,t+1 F,t+1 R2

1986 3.168 0.774 37.40%
1987 2.449 0.488 26.40
1988 3.102 0.512 29.86
1989 1.308 0.776 41.47
1990 2.928 0.998 42.08
1991 5.741 1.114 51.40
1992 6.444 0.931 53.49
1993 3.878 0.813 38.27
1994 3.674 0.782 38.09
1995 3.979 1.057 39.85
1996 6.404 0.786 40.19
1997 5.642 1.033 37.44
1998 2.044 0.787 28.80
1999 0.515 1.152 20.96
2000 6.892 0.435 30.34
2001 6.440 0.611 37.84
2002 4.628 0.463 36.17
2003 6.506 0.651 41.58
2004 5.235 0.510 44.93
2005 2.125 0.694 44.33
2006 3.969 0.600 38.62
2007 2.788 0.689 42.79
2008 1.130 0.495 33.31

Mean 3.956 0.746 38.07%

Note: Variables are defined in Appendix A.
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the correlation between expected returns and real-
ized returns is quite low, with a Pearson (Spear-
man) correlation of 0.08 (0.13). These simple
correlations provide preliminary evidence consis-
tent with our first two predictions.

The correlations also highlight an important
limitation of our return decomposition. Funda-
mental news should be unpredictable if it is cor-
rectly measured. However, the correlations
between ri,t and Fi,t+1 are significantly negative.
This result is attributable to the fact that the con-
sensus analyst forecasts that we used as earnings

expectations are known to reflect the expectations
embedded in stock prices with a lag (see, e.g.,
Hughes, Liu, and Su 2008). For example, if bad
fundamental news arrives during period t but is
not incorporated in analysts’ consensus forecasts
until period t + 1, our analyst-forecast-based esti-
mate of ri,t will be too high and our analyst-
forecast-based estimate of Fi,t+1 will be too low,
resulting in the spurious negative correlation
between the two. Consequently, it is important to
keep this limitation of our return decomposition in
mind when interpreting our subsequent results.

Figure 2. Cross-Sectional Variance and Relative Variance Decompositions 
of Annual Stock Returns, 1986–2008

Notes: Panel A plots the annual cross-sectional variance of the various components of the stock returns.
We estimated regression Equation 6 in each fiscal year for this variance decomposition. The variance of
the expected return component is calculated as  The variance of the fundamental news
component is calculated as  The variance of the unexplained component is calculated
as  Panel B plots the relative variance of each component as described above. Variables are
defined in Appendix A.
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■ Realized security returns and changes in inves-
tor recognition. Our first prediction is that security
prices are increasing in investor recognition. We
tested this prediction by looking at the relation-
ship between realized security returns and
changes in investor recognition. If an increase in
investor recognition leads to an increase in secu-
rity prices, then we should observe a positive
relationship between changes in investor recogni-
tion and security returns.

We have already seen from Panel B of Table 2
that Ri,t+1 and INV_RECi,t+1 are strongly positively
correlated. Figure 3 and Table 3 plot realized
annual stock returns for two equal-weighted port-
folios of securities representing the extreme deciles
of the change in investor recognition in event Year
0. The highest decile represents companies with the
biggest increases in investor recognition in Year 0.
The plot shows that this portfolio had annual stock
returns of 67 percent in Year 0. Meanwhile, compa-
nies in the lowest portfolio had returns of only –17
percent. Thus, the spread in annual returns between
stocks that became less recognized and stocks that
became more recognized is –84 percentage points
(pps). Investor recognition clearly has an economi-
cally significant impact on security returns.

Recall that the impact of investor recognition
on security prices is predicted to be greater for

companies with higher idiosyncratic risk. To test
this prediction, Figure 4 and Table 4 divide each of
the portfolios used in Figure 3 and Table 3 into two
equal-size subportfolios on the basis of idiosyn-
cratic risk. We measured idiosyncratic risk (idvol)
as the standard deviation of the residuals from
regressions of daily stock returns on value-
weighted market returns over the 12 months prior
to the portfolio formation date. Figure 4 and Table
4 clearly demonstrate that the impact of investor
recognition on security returns is magnified in the
subportfolios with higher idiosyncratic risk. The
Year 0 annual return spread is only –51 pps for the
low-idvol portfolios, versus –117 pps for the high-
idvol portfolios.

The correlations in Table 2 indicate that
changes in investor recognition are positively corre-
lated with fundamental news. Hence, a potential
limitation of the plots in Figures 3 and 4 and Tables
3 and 4 is that some of the observed variation in
portfolio returns may have been driven by funda-
mental news rather than changes in investor recog-
nition. We addressed this issue by simultaneously
regressing realized stock returns on fundamentals
and changes in investor recognition, as shown in
Table 5. We estimated separate regressions for each
fiscal year in our sample, and we report the means
and t-statistics for the coefficients. Our fundamental

Table 2. Descriptive Statistics for Return Decompositions
N Mean STD P1 Q1 Median Q3 P99

A. Descriptive statistics

Ri,t+1 41,602 0.149 0.553 –0.696 –0.145 0.086 0.339 1.905

ri,t 41,602 0.073 0.030 0.016 0.053 0.070 0.090 0.163

Fi,t+1 41,602 0.067 0.402 –0.764 –0.120 0.049 0.202 1.442

i,t+1 41,602 0.000 0.424 –0.776 –0.187 –0.034 0.134 1.251

INV_RECi,t 35,581 0.000 0.068 –0.180 –0.029 –0.004 0.020 0.258

INV_RECi,t+1 35,526 0.000 0.018 –0.046 –0.008 –0.001 0.007 0.051

Ri,t+1 ri,t Fi,t+1 i,t+1 INV_RECi,t INV_RECi,t+1

B. Correlation matrix with Pearson (Spearman) correlations

Ri,t+1 0.08 0.49 0.77 –0.02 0.39
ri,t (0.13) –0.31 0.00 –0.28 –0.03
Fi,t+1 (0.53) (–0.32) 0.00 0.02 0.37
i,t+1 (0.60) (0.00) (0.04) 0.04 0.25
INV_RECi,t (–0.04) (–0.35) (0.07) (0.06) –0.16
INV_RECi,t+1 (0.48) (–0.02) (0.49) (0.28) (–0.18)

C. Autocorrelations

Pearson –0.06 0.67 0.09 –0.08 0.95 0.01
Spearman –0.04 0.69 0.19 –0.11 0.92 0.06

Notes: In this table, we present the descriptive statistics for the variables used in our study. We provide the mean, standard deviation
(STD), 1st percentile (P1), 1st quartile (Q1), median, 3rd quartile (Q3), 99th percentile (P99), and Pearson and Spearman correlations.
Variables are defined in Appendix A. 
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variables are expected return, ri,t, and fundamental
news, Fi,t+1. Our investor recognition variables
include both INV_REC and an interactive variable
labeled INV_REC*Rank_idvol. Rank_idvol repre-
sents the decile rank of the corresponding observa-
tions’ idiosyncratic volatility, where the decile ranks
are scaled to range between –0.5 and 0.5. Recall that
the relationship between stock returns and changes
in investor recognition is predicted to be greater
when idiosyncratic risk is higher. Thus, we expect

the interaction between INV_REC and Rank_idvol
to load positively in the regressions. 

The regressions in the first column of Table 5
include just the fundamental variables. Both
expected return and fundamental news load with
the predicted positive coefficients, and the average
explanatory power is 37 percent.13 The regressions
in the third column of Table 5 include just the inves-
tor recognition variables. Both INV_REC and the
interactive variable INV_REC*Rank_idvol load

Figure 3. Mean Realized Annual Stock Returns for Companies in the Lowest 
and Highest Deciles of the Annual Change in Investor Recognition

Notes: This figure plots the mean annual stock returns for portfolios of companies in the lowest and
highest deciles of the change in investor recognition in Year 0. Annual returns are reported for the seven
years surrounding the portfolio formation year. The deciles are formed at the end of the third month
following fiscal Year 0. The annual stock returns for Year 0 are calculated as the cumulative return over
the 12 months ending on the portfolio formation date. 

Table 3. Mean Realized Annual Stock Returns for Companies in the Lowest 
and Highest Deciles of the Annual Change in Investor Recognition

Year

Decile –3 –2 –1 0 1 2 3

Mean realized annual stock returns

Lowest (%) 28.71 29.42 23.52 –17.00 15.73 16.69 15.42

Highest (%) 27.02 30.57 39.70 67.04 12.11 12.90 12.98

Lowest – Highest (pps) 1.70 –1.15 –16.17 –84.03 3.61 3.79 2.44

Pooled t-statistics

Lowest 21.37 19.47 19.40 –32.31 15.69 13.07 13.17

Highest 22.85 23.89 26.34 38.35 12.62 13.86 11.06

Lowest – Highest 0.95 –0.58 –8.36 –46.03 2.60 2.40 1.47

Fama–MacBeth t-statistics

Lowest 6.47 6.30 4.47 –4.53 2.85 2.88 2.78

Highest 5.73 6.36 7.90 6.62 2.52 2.71 2.39

Lowest – Highest 0.54 0.08 –5.95 –8.44 1.14 1.10 0.96

Note: See notes to Figure 3. 
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with the predicted positive signs, and the average
explanatory power is 32 percent. Fundamentals and
investor recognition can each independently
explain around one-third of the variation in stock
returns. The final regression includes both the fun-
damental and investor recognition variables. All the
variables continue to load with the predicted signs,
and the average explanatory power climbs to 47
percent. Thus, although we cannot perfectly disen-
tangle the impact of fundamentals and investor rec-
ognition on security returns, it is clear that both
have economically and statistically significant
incremental explanatory power.

Note that a potential limitation of these results
is that we have already established that our
analyst-forecast-based estimate of Fi,t+1 reflects
market expectations with a lag. Therefore, it is
possible that INV_RECi,t+1 captures fundamental
news that is not yet reflected in Fi,t+1. To rule out
this possibility, we replicated the results in Table
5 after adding realizations of F and INV_REC
for year t + 2. The incremental significance and
explanatory power of investor recognition are sim-
ilar in year t + 1 after adding these additional
control variables. Thus, we conclude that changes
in both investor recognition and fundamentals

have significant incremental explanatory power
with respect to observed stock returns.

■ Expected returns and the level of investor rec-
ognition. Our second prediction is that expected
returns are decreasing in investor recognition. The
strong negative correlations between ri,t and
INV_RECi,t in Panel B of Table 2 provide evidence
consistent with this prediction. Intuitively, this
result indicates that securities that are held by many
(few) investors are priced to offer lower (higher)
forward earnings yields. Figure 5 and Table 6 illus-
trate the economic significance of this result. The
figure and the table report the average expected
returns for extreme-decile portfolios formed on the
basis of the level of investor recognition in event
Year 0. In Year 0, the expected return on the low-
investor-recognition portfolio was 9.20 percent but
the expected return on the high-investor-recognition
portfolio was only 6.27 percent. The lack of investor
interest in the low-investor-recognition portfolio
results in its being priced to yield 2.93 pps more than
the high-investor-recognition portfolio.

Recall that we also predicted a stronger rela-
tionship between expected returns and investor
recognition for securities with greater idiosyn-
cratic risk. Figure 6 and Table 7 break down each
of the extreme-investor-recognition portfolios

Figure 4. Mean Realized Annual Stock Returns for Companies in the Lowest 
and Highest Deciles of the Annual Change in Investor Recognition 
and Subdivided by Idiosyncratic Volatility

Notes: This figure plots the mean annual stock returns for portfolios of companies in the lowest and
highest deciles of the change in investor recognition in Year 0 subdivided into two equal-size
subportfolios on the basis of idiosyncratic volatility. The group labeled high (low) idvol contains the top
(bottom) 50 percent of companies in each decile with the highest (lowest) idiosyncratic volatility. 
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into two equal-size subportfolios on the basis of
idiosyncratic risk. The Year 0 expected return
spread between the low-idiosyncratic-risk portfo-
lios is only 2.39 pps, versus 3.46 pps for the high-
idiosyncratic-risk portfolios. 

It is also clear from Figures 5 and 6 and Tables
6 and 7 that these expected return characteristics
persist over time. This result occurred because, as
seen from Panel C of Table 2, investor recognition
itself is a persistent characteristic.

Figures 5 and 6 and Tables 6 and 7 use the two-
year-ahead forward earnings yield to measure
expected returns. Because expected returns should,
on average, be reflected in realized returns, these
results should also manifest themselves in average
realized future returns. However, we expect the

statistical significance of the results to be much
weaker when using realized returns because of the
confounding impact of news arriving during the
period. Figure 7 and Table 8 plot average realized
returns for extreme-decile portfolios formed on the
basis of the level of investor recognition in event
Year 0. Because the portfolios are formed at the end
of Year 0, the predicted positive relationship
between expected returns and investor recognition
should manifest itself starting in Year 1. This is,
indeed, the case. In Years 1–3, the spreads between
the realized returns on the low-investor-recognition
and high-investor-recognition portfolios are 4.14,
1.97, and 2.51 pps, respectively. Recall that the
Year 0 expected return differential in Figure 5 and
Table 6 is around 3 pps, which matches up well

Table 4. Mean Realized Annual Stock Returns for Companies in the Lowest 
and Highest Deciles of the Annual Change in Investor Recognition 
and Subdivided by Idiosyncratic Volatility

Year

Decile –3 –2 –1 0 1 2 3

Mean realized annual stock returns

Low-Idiosyncratic-Volatility Companies (low idvol)

Lowest (%) 18.68 17.25 13.82 –8.10 12.20 14.16 13.02
Highest (%) 21.46 21.77 26.09 42.45 11.47 10.64 13.33
Lowest – Highest (pps) –2.78 –4.52 –12.27 –50.55 0.73 3.52 –0.30

High-Idiosyncratic-Volatility Companies (high idvol)

Lowest (%) 40.11 42.56 33.43 –25.81 19.22 19.28 17.97
Highest (%) 34.23 41.14 54.72 91.42 12.75 15.16 12.62
Lowest – Highest (pps) 5.88 1.41 –21.29 –117.23 6.46 4.12 5.35

Pooled t-statistics

Low-Idiosyncratic-Volatility Companies (low idvol)

Lowest 23.84 23.50 21.16 –12.72 12.81 11.44 11.71
Highest 22.79 24.18 30.99 23.58 12.98 10.89 9.61
Lowest – Highest –2.27 –3.89 –11.52 –26.48 0.56 2.23 –0.17

High-Idiosyncratic-Volatility Companies (high idvol)

Lowest 14.86 14.15 14.32 –33.02 10.95 8.56 8.52
Highest 14.20 16.00 18.32 31.79 7.50 9.57 6.64
Lowest – Highest 1.62 0.36 –5.62 –39.34 2.65 1.50 1.89

Fama–MacBeth t-statistics

Low-Idiosyncratic-Volatility Companies (low idvol)

Lowest 6.13 5.85 4.96 –2.17 2.63 2.84 3.03
Highest 5.29 5.54 7.12 8.02 3.02 2.51 2.36
Lowest – Highest –1.45 –1.55 –5.17 –10.44 0.43 1.23 0.25

High-Idiosyncratic-Volatility Companies (high idvol)

Lowest 5.57 5.15 3.60 –6.46 2.75 2.67 2.30
Highest 4.88 6.20 6.94 5.89 1.82 2.71 2.14
Lowest – Highest 1.01 0.51 –5.18 –7.65 1.51 0.85 1.11

Note: See notes to Figure 4.
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with the subsequently realized return differentials
in Figure 7 and Table 8. But the statistical signifi-
cance of the return differentials is much weaker for
realized returns. 

In the years leading up to Year 1, the pattern
is different in that we observed a higher realized
return for the high-investor-recognition portfo-
lios. This result arises because we selected the
portfolios on the basis of investor recognition in
Year 0 and investors tend to recognize compa-
nies that have been performing well in the
recent past.14 

Figure 8 and Table 9 investigate whether the
spread in average subsequent realized returns is
greater for the subportfolios of extreme investor
recognition with high idiosyncratic risk. For Year
1, the answer is yes; the spread is 2.60 pps for the
low-risk portfolio and 5.67 pps for the high-risk
portfolio. Thereafter, the return spreads converge.
But the tests in Figure 8 and Table 9 generally lack
statistical significance. 

■ Investing and financing activities and changes
in investor recognition. The final two predictions are
that security issuances and new investments are

Table 5. Cross-Sectional Regression of Realized Annual Stock Returns 
on Contemporaneous Information about Fundamentals and 
Investor Recognition

Dependent Variable Is Ri,t+1

Coeff. t-Stat. Coeff. t-Stat. Coeff. t-Stat.

Intercept –0.181 –5.31 0.141 3.41 –0.127 –4.17
ri,t 3.730 9.20 3.186 9.81
Fi,t+1 0.725 15.68 0.505 16.23
INV_RECi,t+1 13.143 11.08 8.285 7.43
Rank_idvoli,t 0.069 1.07 0.069 1.26
INV_RECi,t+1

*Rank_idvoli,t 23.170 7.67 15.161 5.34
Adjusted R2 (%) 37.49 31.59 47.12
Average N per year 1,503 1,503 1,503

Notes: We report the mean coefficient estimates and associated t-statistics from annual cross-sectional
regressions (see Fama and MacBeth 1973). Variables are defined in Appendix A.

Figure 5. Mean Expected Returns for Companies in the Lowest and Highest 
Deciles of the Level of Investor Recognition

Notes: This figure plots the mean expected returns for portfolios of companies in the lowest and highest
deciles of the level of investor recognition in Year 0. Expected returns are reported for the seven years
surrounding the portfolio formation year. The expected return for Year 0 is calculated at the end of the
third month following fiscal Year 0. 
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increasing in investor recognition. Recall that
these predictions are based on the expectation that
companies will exploit the lower costs of new
capital associated with higher investor recognition
by raising new capital and making new invest-
ments. We tested these predictions by looking for

a positive relationship between security issuances/
investments and changes in investor recognition.
We measured new net security issuances as the
annual net cash flows from financing activities
(reported in the statement of cash flows) deflated
by average total assets. We measured investing

Table 6. Mean Expected Returns for Companies in the Lowest and Highest 
Deciles of the Level of Investor Recognition

Year

Decile –3 –2 –1 0 1 2 3

Mean expected returns

Lowest (%) 9.36 9.34 9.22 9.20 9.04 8.99 8.88
Highest (%) 6.37 6.28 6.22 6.27 6.40 6.43 6.39
Lowest – Highest (pps) 2.99 3.06 3.00 2.93 2.64 2.56 2.50

Pooled t-statistics

Lowest 133.14 140.36 154.65 170.17 156.23 142.14 135.84
Highest 147.56 151.31 156.73 157.02 151.97 144.43 141.56
Lowest – Highest 36.22 38.99 41.85 43.63 36.91 33.09 31.42

Fama–MacBeth t-statistics

Lowest 19.69 18.86 19.85 21.22 20.96 20.18 20.84
Highest 21.48 21.93 22.01 22.46 23.17 22.86 25.16
Lowest – Highest 12.09 10.92 11.27 11.00 11.89 11.34 11.11

Note: See notes to Figure 5.

Figure 6. Mean Expected Returns for Companies in the Lowest and Highest
Deciles of the Level of Investor Recognition Subdivided by 
Idiosyncratic Volatility

Note: This figure plots the mean expected returns for portfolios of companies in the lowest and highest
deciles of the level of investor recognition in Year 0 subdivided into two equal-size subportfolios on the
basis of idiosyncratic volatility. 
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activities as the annual net cash flows used for
investing activities (also reported in the statement
of cash flows) deflated by average total assets.

Figure 9 and Table 10 plot average cash flows
from financing for extreme-decile portfolios
formed on the basis of changes in investor recogni-
tion in Year 0. As predicted, the high-decile portfo-
lio raised more cash flows from financing than the
low-decile portfolio, and the spread is highest in
Years 0 and 1. The spreads are economically and
statistically significant, peaking at –4.48 pps of
assets in Year 1. 

Figure 10 and Table 11 contain a similar plot
for cash used in investing activities. We again see a
large spread between the high change in investor

recognition portfolio and the low change in inves-
tor recognition portfolio. In the case of investing,
the spread peaks in Years 1 and 2. This delayed
response likely reflects the fact that investing activ-
ities tend to track financing activities with a lag.
Highly recognized companies first raise new capi-
tal and then gradually invest the capital over the
next year or so. 

In unreported analysis, we also found that the
observed spreads in financing and investing activ-
ities are more extreme for subportfolios with
greater idiosyncratic risk. We omit the plots for
brevity. The key inference from Figures 9 and 10
and Tables 10 and 11 is that companies’ real invest-
ing and financing decisions are responsive to
changes in investor recognition. 

Table 7. Mean Expected Returns for Companies in the Lowest and Highest
Deciles of the Level of Investor Recognition Subdivided by
Idiosyncratic Volatility

Year

Decile –3 –2 –1 0 1 2 3

Mean expected returns

Low-Idiosyncratic-Volatility Companies (low idvol)

Lowest (%) 9.41 9.29 9.13 9.02 8.92 8.88 8.79
Highest (%) 6.75 6.72 6.65 6.63 6.73 6.72 6.68
Lowest – Highest (pps) 2.66 2.57 2.48 2.39 2.20 2.16 2.11

High-Idiosyncratic-Volatility Companies (high idvol)

Lowest (%) 9.28 9.41 9.33 9.37 9.18 9.12 8.99
Highest (%) 5.95 5.82 5.79 5.91 6.07 6.13 6.08
Lowest – Highest (pps) 3.33 3.58 3.54 3.46 3.11 2.99 2.91

Pooled t-statistics

Low-Idiosyncratic-Volatility Companies (low idvol)

Lowest 115.53 122.04 131.35 137.72 125.00 113.01 104.69
Highest 124.48 127.89 134.75 136.54 124.00 119.10 116.16
Lowest – Highest 27.15 27.82 29.11 29.36 24.50 22.33 20.78

High-Idiosyncratic-Volatility Companies (high idvol)

Lowest 74.17 79.63 92.32 109.42 99.04 89.61 87.87
Highest 89.42 92.63 95.31 95.09 95.48 89.49 87.84
Lowest – Highest 23.51 26.80 30.05 32.75 27.64 24.38 23.59

Fama–MacBeth t-statistics

Low-Idiosyncratic-Volatility Companies (low idvol)

Lowest 21.04 21.40 21.61 22.76 22.23 20.78 20.43
Highest 24.80 25.61 24.60 26.79 26.81 25.50 27.97
Lowest – Highest 11.46 10.89 10.39 10.57 10.41 9.36 9.00

High-Idiosyncratic-Volatility Companies (high idvol)

Lowest 18.16 16.08 17.88 19.79 19.37 19.28 20.84
Highest 17.95 18.19 19.12 18.73 19.22 19.38 21.36
Lowest – Highest 12.11 10.23 11.54 11.10 11.74 12.52 12.55

Note: See notes to Figure 6.
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■ The relative importance of fundamentals and
investor recognition over different investment horizons.
Our analysis thus far focused exclusively on annual
investment horizons. The autocorrelations in Panel
C of Table 2 indicate that expected returns are
slowly mean reverting and that price variation that
is not explained by fundamentals, i,t+1, is nega-
tively serially correlated. These autocorrelations
suggest that investor recognition may be a

relatively more important determinant of stock
returns over shorter investment horizons and that
fundamentals should dominate over longer hori-
zons. Intuitively, changes in investor recognition
introduce transitory changes in prices that cancel
out over longer investment horizons. Thus, the
importance of changes in investor recognition as a
determinant of security returns should be miti-
gated over longer investment horizons.

Figure 7. Mean Realized Annual Stock Returns for Companies in the Lowest 
and Highest Deciles of the Level of Investor Recognition

Notes: This figure plots the mean annual realized stock returns for portfolios of companies in the lowest
and highest deciles of the level of investor recognition in Year 0. Realized returns are reported for the
seven years surrounding the portfolio formation year. The stock return for Year 0 is calculated as the
cumulative return over the 12 months ending on the portfolio formation date.

Table 8. Mean Realized Annual Stock Returns for Companies in the Lowest 
and Highest Deciles of the Level of Investor Recognition

Year

Decile –3 –2 –1 0 1 2 3

Mean realized annual stock returns

Lowest (%) 20.99 20.33 20.72 18.28 15.21 13.77 15.10
Highest (%) 26.95 27.76 27.07 25.58 11.07 11.80 12.59
Lowest – Highest (pps) –5.96 –7.43 –6.35 –7.30 4.14 1.97 2.51

Pooled t-statistics

Lowest 28.20 26.26 25.96 29.65 23.92 19.59 17.15
Highest 23.02 23.69 24.46 22.69 17.76 18.36 17.68
Lowest – Highest –4.30 –5.29 –4.65 –5.68 4.65 2.07 2.22

Fama–MacBeth t-statistics

Lowest 4.78 4.23 4.21 3.90 3.10 2.81 2.88
Highest 7.17 6.99 7.07 5.68 3.08 3.02 3.35
Lowest – Highest –1.40 –1.70 –1.42 –1.38 1.19 0.85 0.85

Note: See notes to Figure 7.
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We investigated the relative importance of
fundamentals and investor recognition over differ-
ent investment horizons in Table 12. This table
basically replicates the regression analysis in Table
5 using quarterly measurement intervals in Panel
A and five-year measurement intervals in Panel B.
The results in Panel A clearly show that investor
recognition explains relatively more of the varia-
tion in stock returns over quarterly investment
horizons. Fundamentals explain only 8.64 percent
of the variation in quarterly stock returns, whereas
investor recognition explains 17.51 percent. In con-
trast, Panel B clearly shows that fundamentals
explain relatively more of the variation in returns
over five-year investment horizons. Fundamentals
explain 56.58 percent of the variation in five-year
returns, whereas investor recognition explains only
37.92 percent. In other words, investor recognition
is a relatively more important determinant of stock
returns over short horizons and fundamentals
dominate stock returns over longer horizons. 

It is also worth noting that the combined
explanatory power of fundamentals and investor
recognition is much lower over quarterly horizons
(22.29 percent) than over five-year horizons (61.72
percent). This result suggests other transitory ele-
ments in short-horizon stock returns. These

elements likely include transitory shifts in investor
recognition that are not captured by our measure
(e.g., recognition from retail investors) and other
sources of “noise” in stock returns (e.g., temporary
liquidity shocks).

Conclusion
We showed that investor recognition is an impor-
tant determinant of security prices. Using a crude
measure of investor recognition, we obtained
results indicating that investor recognition is of the
same order of importance as fundamentals in
explaining annual stock returns. Our results also
show that investor recognition is an important
determinant of resource allocation in market econ-
omies. These results vindicate the significant
resources that corporations allocate to investor
relations and investment banking activities in order
to promote their security offerings. To the extent
that such activities are successful in increasing
investor recognition, they should result in higher
stock prices and lower costs of capital.

Our research is related to a parallel line of
research on the role of investor sentiment in the
stock market (see Baker and Wurgler 2007). That
research demonstrates that stock prices are affected
by waves of investor sentiment, with certain stocks

Figure 8. Mean Realized Annual Stock Returns for Companies in the 
Lowest and Highest Deciles of the Level of Investor Recognition
Subdivided by Idiosyncratic Volatility

Note: This figure plots the mean annual realized stock returns for portfolios of companies in the lowest
and highest deciles of the level of investor recognition in Year 0 subdivided into two equal-size
subportfolios on the basis of idiosyncratic volatility. 
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being more affected by sentiment than others. It
seems likely that investor sentiment is an important
determinant of investor recognition. For example,
the dot-com bubble of the late 1990s was character-
ized by a broad wave of investor sentiment that was
concentrated in stocks that were expected to benefit
from the growth of the internet. At the same time,
investor recognition has other likely determinants,
including index membership, exchange listing, and
analyst coverage. Subsequent research could inves-
tigate the extent to which variation in investor
recognition can be explained by such determinants.

Finally, our results have important implica-
tions for security analysis. The results suggest that
in predicting stock price movements over short
investment horizons, the analysis and forecasting

of investor recognition is at least as important as the
analysis and forecasting of fundamentals. Our
results, therefore, provide a rationale for the
existence of “growth” investors, who select securi-
ties with a primary focus on product innovation
and growth potential and a secondary focus on
price. To the extent that such investors are able to
identify securities that will experience increases in
investor recognition, they should generate superior
investment performance. 

We are grateful to Gerry Garvey, Roby Lehavy, Irem
Tuna, and participants at the Chicago Quantitative
Alliance’s 2011 Fall Conference for helpful feedback.

This article qualifies for 1 CE credit.

Table 9. Mean Realized Annual Stock Returns for Companies in the 
Lowest and Highest Deciles of the Level of Investor Recognition 
Subdivided by Idiosyncratic Volatility

Year

Decile –3 –2 –1 0 1 2 3

Mean expected returns

Low-Idiosyncratic-Volatility Companies (low idvol)

Lowest (%) 20.36 19.19 19.63 17.86 12.80 13.62 14.54
Highest (%) 19.02 17.72 18.94 19.08 10.21 11.11 11.40
Lowest – Highest (pps) 1.35 1.46 0.69 –1.22 2.60 2.51 3.14

High-Idiosyncratic-Volatility Companies (high idvol)

Lowest (%) 21.71 21.59 21.88 18.72 17.59 13.91 15.66
Highest (%) 35.16 38.04 35.29 32.09 11.91 12.49 13.78
Lowest – Highest (pps) –13.45 –16.45 –13.41 –13.37 5.67 1.43 1.88

Pooled t-statistics

Low-Idiosyncratic-Volatility Companies (low idvol)

Lowest 25.59 25.23 28.27 27.24 17.06 15.59 13.69
Highest 28.46 28.28 29.92 31.81 15.65 15.16 13.42
Lowest – Highest 1.30 1.49 0.74 –1.37 2.61 2.20 2.31

High-Idiosyncratic-Volatility Companies (high idvol)

Lowest 16.53 15.44 14.84 17.75 17.21 12.66 11.13
Highest 15.53 16.85 16.69 14.83 11.25 11.85 12.05
Lowest – Highest –5.14 –6.19 –5.20 –5.55 3.85 0.94 1.03

Fama–MacBeth t-statistics

Low-Idiosyncratic-Volatility Companies (low idvol)

Lowest 4.92 4.42 4.70 4.40 2.85 2.87 3.02
Highest 6.13 5.96 6.20 7.00 3.11 3.14 3.25
Lowest – Highest 0.36 0.26 0.09 –0.63 0.95 1.01 1.06

High-Idiosyncratic-Volatility Companies (high idvol)

Lowest 4.37 3.90 3.60 3.40 3.24 2.66 2.61
Highest 6.35 5.96 6.01 4.07 2.75 2.72 3.21
Lowest – Highest –2.18 –2.33 –1.92 –1.51 1.30 0.67 0.47

Note: See notes to Figure 8.
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Figure 9. Mean Cash Flows from Financing Activities for Companies in the 
Lowest and Highest Deciles of the Annual Change in Investor 
Recognition

Notes: This figure plots the mean annual cash flows from financing activities for portfolios of companies
in the lowest and highest deciles of the change in investor recognition in Year 0. Mean cash flows from
financing activities are reported for the seven fiscal years surrounding the portfolio formation year.
Cash flows from financing activities are computed as net cash flows from financing activities deflated
by average total assets. 

Table 10. Mean Cash Flows from Financing Activities for Companies in the 
Lowest and Highest Deciles of the Annual Change in Investor 
Recognition

Year

Decile –3 –2 –1 0 1 2 3

Mean realized cash flows from financing activities

Lowest (%) –0.16 0.13 0.57 –1.04 –2.30 –2.37 –2.64

Highest (%) 2.72 2.51 2.45 3.20 2.19 0.62 –0.02

Lowest – Highest (pps) –2.89 –2.38 –1.88 –4.24 –4.48 –2.99 –2.61

Pooled t-statistics

Lowest –0.73 0.58 2.42 –5.13 –12.46 –12.14 –12.86

Highest 9.22 9.17 9.39 11.60 8.47 2.54 –0.10

Lowest – Highest –7.77 –6.72 –5.34 –12.38 –14.14 –9.58 –8.27

Fama–MacBeth t-statistics

Lowest –0.65 0.13 1.64 –2.69 –10.40 –12.03 –10.85

Highest 5.07 4.86 4.57 4.86 5.09 1.91 0.20

Lowest – Highest –6.56 –4.44 –2.24 –7.75 –13.18 –8.90 –8.97

Note: See notes to Figure 9.
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Figure 10. Mean Cash Flows Used for Investing Activities for Companies
in the Lowest and Highest Deciles of the Annual Change in 
Investor Recognition

Notes: This figure plots the mean cash flows used for investing activities for portfolios of companies in
the lowest and highest deciles of the change in investor recognition in Year 0. Mean cash flows used for
investing activities are reported for the seven fiscal years surrounding the portfolio formation year. Cash
flows used for investing activities are computed as (–1  Net cash flows from investing activities)
deflated by average total assets. 

Table 11. Mean Cash Flows Used for Investing Activities for Companies 
in the Lowest and Highest Deciles of the Annual Change in 
Investor Recognition

Year

Decile –3 –2 –1 0 1 2 3

Mean investment

Lowest (%) 10.44 10.36 10.85 9.33 6.96 6.76 6.57

Highest (%) 11.81 11.75 12.16 12.79 12.67 10.83 9.91

Lowest – Highest (pps) –1.37 –1.39 –1.31 –3.45 –5.70 –4.07 –3.33

Pooled t-statistics

Lowest 48.84 48.45 49.60 47.42 37.95 34.14 31.43

Highest 40.88 44.21 47.31 50.03 51.55 44.33 41.31

Lowest – Highest –3.81 –4.08 –3.89 –10.70 –18.60 –12.95 –10.47

Fama–MacBeth t-statistics

Lowest 26.67 32.83 27.79 26.13 24.45 28.63 18.97

Highest 23.14 21.88 26.84 28.17 31.48 30.10 26.90

Lowest – Highest –3.47 –2.79 –1.48 –9.77 –14.93 –12.52 –9.02

Note: See notes to Figure 10.
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Appendix A. Variable 
Definitions
Ri,t is the cumulative stock return over the 12
months ending at the end of the third month after
fiscal year t. Size-adjusted returns, when used, are
computed as the simple difference between the
cumulative stock return and the corresponding
average cumulative return for all stocks in the same
size decile as provided by CRSP (computed using
NYSE market capitalization breakpoints as of the
start of the return cumulation period).

ri,t is the expected return at the end of the third
month after the end of fiscal year t, computed as

where Et(Xi,t+) is the expected earnings for com-
pany i in period t +  using analysts’ -year-ahead
consensus EPS forecasts issued at the end of the
third month after the end of fiscal year t and Pi,t is
the price of the stock at the end of the third month
after the end of fiscal year t.

Fi,t+1 is the cash flow news component of
Ri, t+1, calculated as

where Et(Xi,t+), Pi,t , and ri,t are defined in the
previous equation and di,t+1 is dividends per share
paid in period t + 1.

i,t+1 is the component of Ri,t+1 that is not
explained by fundamentals (i.e., expected return
news), defined as the residual of the annual cross-
sectional regression model:

INV_RECi,t is investor recognition of security i
at time t, calculated as BREADTHi,t – S_BREADTHi,t,
where BREADTHi,t is the ratio of the number of
institutions holding security i at time t relative to the
number of institutions reporting any security hold-
ings at time t. S_BREADTHi,t is the mean value of

Table 12. Cross-Sectional Regression of Quarterly and Five-Year Realized 
Stock Returns on Contemporaneous Information about 
Fundamentals and Investor Recognition

Coeff. t-Stat. Coeff. t-Stat. Coeff. t-Stat.

A. Dependent variable is realized quarterly stock return

Intercept –0.002 –0.20 0.035 3.58 –0.005 –0.53
ri,t 2.272 6.73 2.279 8.86
Fi,t+1 0.232 19.26 0.165 17.32
INV_RECi,t+1 8.636 20.74 7.832 19.58
Rank_idvoli,t 0.008 0.69 0.013 1.20
INV_RECi,t+1

*Rank_idvoli,t 13.256 15.20 11.789 14.51
Adjusted R2 (%) 8.64 17.51 22.29
Average N per year 1,819 1,819 1,819

B. Dependent variable is realized five-year stock return

Intercept –0.762 –10.25 1.010 10.77 –0.455 –6.44
ri,t 3.565 15.56 2.972 16.29
Fi,t+1 0.836 7.56 0.664 7.14
INV_RECi,t+1 20.820 13.60 9.027 6.13
Rank_idvoli,t 0.331 4.62 0.114 2.35
INV_RECi,t+1

*Rank_idvoli,t 32.023 13.25 13.661 6.48
Adjusted R2 (%) 56.58 37.92 61.72
Average N per year 1,065 1,065 1,065

Notes: We report the mean coefficient estimates and associated t-statistics from cross-sectional regres-
sions using quarterly and five-year measurement intervals. The five-year regressions are estimated
annually using overlapping cross sections, and so the t-statistics are adjusted for Newey–West
autocorrelations of five lags. Variables are defined in Appendix A.
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BREADTHi,t for all companies within the same size-
ranked decile as company i. These data were
obtained from the Thomson Reuters Institutional
Holdings (13F) Database.

idvoli,t is idiosyncratic volatility for security i at
time t, which is estimated as the standard deviation

of the market model regression residuals using
daily returns over the 12 months ending at time t.

Rank_idvoli,t is the normalized rank of idvoli,t.
We ranked companies into deciles for each period
on the basis of idvoli,t and then normalized the
decile ranks to range from –0.5 to 0.5.

Notes
1. See, for example, Cutler, Poterba, and Summers (1989).
2. Lehavy and Sloan’s analysis (2008) most closely resembles

ours, but their analysis was restricted to changes in investor
recognition and they did not decompose stock returns into
fundamental and nonfundamental components. Bodnaruk
and Ostberg’s analysis (2009) was limited to the level of
investor recognition and future realized returns using a
unique Swedish dataset.

3. We used an adjustment based on size-ranked deciles
because the relationship between BREADTHi,t and issue
size is highly nonlinear.

4. There are a number of alternative approaches for imple-
menting company-level return decompositions. The earli-
est approach is attributable to Vuolteenaho (2002) and uses
a variant of the vector autoregressive (VAR) decomposition
methodology introduced by Campbell and Shiller (1988)
and Campbell (1991). Subsequent research by Chen and
Zhao (2009, 2010) showed that the VAR approach produces
particularly noisy and unstable estimates and instead advo-
cated methodologies using analysts’ forecasts of future
earnings in conjunction with structured valuation models.
The return decomposition framework proposed by Chee,
Sloan, and Uysal (2011) falls into this latter category. We
chose the Chee et al. framework because the decomposition
is particularly parsimonious and intuitive.

5. Cum-dividend earnings refer to the cumulative reported
earnings plus the opportunity cost of earnings on dividends
paid during the period. For example, in computing cum-
dividend earnings for a 10-year period, we would first sum
earnings for the 10 years and then add the additional earn-
ings that could have been generated by reinvesting any
dividends paid during the period between the time of their
payment and the end of the 10-year period.

6. Note that the idea that an equity security can be valued by
capitalizing its anticipated earnings power can be traced
back at least as far as Graham and Dodd (1934). Equation 3
formalizes this idea.

7. This implementation of Equation 3 ignores the adjustment
for earnings on dividends, but this adjustment is typically
insignificant when using a two-year cumulation period.

8. Chee et al. (2011) also tried using longer-term analysts’
forecasts of earnings but showed that because these fore-
casts were relatively more biased and less accurate, they
added additional error to the expected return estimates.

9. Note that because Fi,t+1 represents unexpected informa-
tion, it should have an expected value of zero at time t. The
reason that expected return is subtracted from the growth
in expected earnings is that some earnings growth is
expected as a result of the earnings reinvestment.

10. This restriction ruled out observations where the summed
consensus forecast of earnings over the next two years is
negative, eliminating approximately 6 percent of the sam-
ple observations.

11. Prior research has also found that fundamentals explain
around one-third of the variation in annual stock returns.
See, for example, Liu and Thomas (2000).

12. A simple example illustrates this point. Assume that a stock
is temporarily priced to yield an expected return of only 5
percent in a setting where the long-run expected return is
10 percent. At some point in the future, the price will fall to
set the expected return closer to 10 percent. The associated
negative stock return causes the coefficient on ri,t to be
greater than 1.

13. Note that these regression results correspond to those
reported in the final row of Table 1, but these results are
limited to observations for which we also had data available
to compute our investor recognition variables.

14. It is also apparent that both the low- and high-investor-
recognition deciles have higher realized returns in the years
leading up to Year 1. This result occurred for two reasons:
(1) We required the companies to have positive earnings
forecasts in Year 0 for inclusion in the sample, and thus, a
positive hindsight bias exists in the Year –3 through 0
realized returns; and (2) our sample period ends in 2008, so
the impact of the financial crisis is reflected in only the later
event years.
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