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E [((1 + Ri,t+1) ∙ mt+1|Ωt)] = 1

mt+1
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𝑅𝑖,𝑡+1

𝐸[(𝑅𝑖,𝑡+1|𝓏𝑖,𝑡)] 𝑔̂(𝓏𝑖,𝑡)  𝓏𝑖,𝑡

                                                 



 

𝑔̂𝑂𝐿𝑆(𝓏) = 𝛽̂0 + 𝓏𝑇𝛽̂

 

ℓ1

𝛽̂ = arg 𝑚𝑖𝑛𝛽 {
1

𝑁𝑇
∑ ∑(𝑟𝑖,𝑡+1 − 𝛽0 − 𝓏𝑖,𝑡

𝑇 𝛽)
2

+ 𝜆 ∑|𝛽𝑗|

𝑃

𝑗=1

𝑇

𝑡=1

𝑁

𝑖=1

}

                                                 



 𝑟𝑖,𝑡+1 

 𝓏𝑖,𝑡

 𝜆 > 0

𝜆 ∑ |𝛽𝑗|𝑃
𝑗=1

𝜆

 

ℓ1 ℓ2  

𝛽̂ = arg 𝑚𝑖𝑛𝛽 {
1

𝑁𝑇
∑ ∑(𝑟𝑖,𝑡+1 − 𝛽0 − 𝓏𝑖,𝑡

𝑇 𝛽)
2

+ 𝜆 [𝛼 ∑|𝛽𝑗| + (1 − 𝛼) ∑ 𝛽𝑗
2

𝑃

𝑗=1

𝑃

𝑗=1

]

𝑇

𝑡=1

𝑁

𝑖=1

}

 𝑟𝑖,𝑡+1 

 𝓏𝑖,𝑡

                                                 



 𝜆 > 0

 𝛼 ∈ [0, 1] ℓ1 ℓ2

α

𝜆

 

𝚭𝑖,𝑡 ∈ ℝ𝑁×𝑃

𝑟𝑖,𝑡+1

𝑟𝑖,𝑡+1 = 𝛽0 + ∑ 𝛾𝑘

𝑃

𝑗=1

∙ 𝑃𝐿𝑆𝑘,𝑖,𝑡 + 𝑒𝑖,𝑡+1

                                                 



𝑃𝐿𝑆𝑘,𝑖,𝑡 𝚭𝑖,𝑡

 

∈

 

𝜂

                                                 



𝜂 ∈ {0.01, 0.1} 𝑑 ∈

{4, 6}

 

 

 ℓ2 10−4

 

 {103, 5 × 10−3}

 



𝑅𝑂𝑂𝑆
2

                                                 



𝑅𝑂𝑂𝑆
2

𝑅2

{𝑦𝑖, 𝑦̂𝑖}𝑖=1
𝑁

𝑅𝑀𝑆𝐸 = √
1

𝑁
∑(𝑦𝑖 − 𝑦̂𝑖)2

𝑁

𝑖=1

𝑉𝑎𝑟(𝑦𝑖) =
1

𝑁
∑ (𝑦𝑖 − 𝑦̅)2𝑁

𝑖=1  𝑦𝑖 =  
1

𝑁
∑ 𝑦𝑖

𝑁
𝑖=1



𝑅2

𝑅𝑂𝑂𝑆
2 = 1 −

𝑅𝑀𝑆𝐸2

𝑉𝑎𝑟(𝑦)

𝑅𝑂𝑂𝑆
2

𝑅2 (𝑅𝑂𝑂𝑆
2 )

𝑅𝑂𝑂𝑆
2

𝑅𝑂𝑂𝑆
2



𝑅𝑂𝑂𝑆
2

𝑅𝑂𝑂𝑆
2



𝑅𝑂𝑂𝑆
2

𝑅𝑂𝑂𝑆
2



𝑅𝑂𝑂𝑆
2

𝑅𝑂𝑂𝑆
2

𝑅𝑂𝑂𝑆
2

𝑅𝑂𝑂𝑆
2

𝑅𝑂𝑂𝑆
2

𝑅𝑂𝑂𝑆
2

                                                 



𝑅𝑂𝑂𝑆
2

≈

𝑅𝑂𝑂𝑆
2

𝑅𝑂𝑂𝑆
2 𝑅𝑂𝑂𝑆

2



≈ ≈





                                                 



𝑅𝑂𝑂𝑆
2



𝑅𝑂𝑂𝑆
2  





𝑹𝟐 



σ ≈ ≈

≈

≈



≈ ≈

≈

≈

≈

≈

≈ ≈ ≈

σ ≈ ≈

≈ ≈

≈ ≈ ≈

≈

≈ ≈



σ ≈ ≈ ≈

≈

≈

σ ≈ ≈ ≈

≈ ≈



≈ ≈ ≈ ≈

≈

≈ ≈



σ ≈ ≈

≈ ≈

≈ ≈ ≈

≈

≈

≈ ≈

≈ ≈ ≈ ≈

≈ ≈

≈ ≈

≈ ≈

≈ ≈

≈ ≈ ≈

≈ ≈

≈

≈ ≈

≈ ≈ ≈



≈

≈

                                                 



≈

≈

                                                 





𝑆𝑖𝑔𝑚𝑎𝑖𝑡
𝐴𝑇𝐼 = [∑

(𝐴𝑇𝐼𝑖𝑗𝑡 − 𝐴𝑇𝐼̅̅ ̅̅
𝑖̅𝑡)

𝑁

2𝑁

𝑗=1

]

1/2

𝐴𝑇𝐼𝑖𝑗𝑡 𝐴𝑇𝐼̅̅ ̅̅
𝑖̅𝑡

𝑆𝑖𝑔𝑚𝑎𝑖𝑡
𝐴𝑇𝐼

































ROE_BE_STD 

SALE_NWC 

SGA_GR1 

 

TANGIBILITY 

TURNOVER_126D 

Z_SCORE 

 

www.policyuncertainty.com

http://www.policyuncertainty.com/




 In-Sample Coefficient Estimates with Two-Way Clustered Standard Errors

 



R𝑂𝑂𝑆
2  

𝑅𝑂𝑂𝑆
2



 R𝑂𝑂𝑆
2

(R𝑂𝑂𝑆
2 )



R𝑂𝑂𝑆
2

0.091897 0.075314 0.06754 0.061246 0.059302 0.053178 0.025241 0.024778 0.000251 -0.00011

0.051847 0.054833 0.048516 0.0434 0.028864 -0.02544 -0.05603 -0.05646 -0.09464 -0.09521

4.005031 2.048129 1.902406 1.784554 3.043871 7.861722 8.127026 8.123557 9.489304 9.509247

 

          







The first row summarizes USPA test results, indicating how often each 

model is significantly outperformed by an alternative across 55 one-versus-one comparisons at the 5% level. The next 13 rows report 

CSPA results, where predictive losses are evaluated within macroeconomic regimes. Each cell shows how many times the corresponding 

model is rejected in favor of a competing model (out of 10) under a given regime. The final row aggregates total CSPA rejections across 

all 13 regimes (maximum possible: 260). Lower values indicate greater statistical robustness. 



 

















 

  



 








